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Channel state information acquisition algorithm
based on deep learning for IoT
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Abstract: To solve the problem of high feedback overhead when the user sends channel state information (CSI) to the
base station in massive multiple input multiple output (MIMO) based on Internet of things system, a CSI feedback net-
work based on deep learning was proposed to feedback CSI. Firstly, the proposed network used convolutional neural
network (CNN) to extract channel feature vectors and maxpooling to compress the data. Then the compressed CSI was
decompressed by using full connection and CNN to restore the original channel. The simulation results show that com-

pared with the existing CSI feedback methods, the CSI recovered by the proposed CSI feedback network is closer to the

original channel, and the reconstruction quality is improved significantly.
Key words: massive MIMO, Internet of things, CSI feedback, deep learning
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